Some Thoughts about Optimization
From Utility Theory 

a) If the outcome from a choice of action is known with certainty then the optimal choice of action is the one with outcome of greatest utility.

b) If the probability distribution of the outcomes from a choice of action is known then the optimal choice of action is the one with the greatest expected utility of its outcomes. 

c) If the probability distribution of the outcomes from a choice of action is only approximate then the action with the greatest expected utility may or may not be a reasonable choice of action. 

Utility Theory applied to choosing an optimal portfolio
a) If the return from each possible investment is known with certainty then the optimal investment portfolio is a 100% allocation to the investment with the greatest return. This only assumes that the utility function is an increasing function of return. 
b)  If the joint probability of returns for the set of possible investments is known and if the utility function for portfolios with a given variance increases as the expected return increases then the optimal portfolio in on the mean-variance efficient frontier.
c) If the joint probability of returns is only approximate then portfolios on the efficient frontier may or may not be reasonable choices.

Comments about mathematically optimal solutions and real world problems
Optimal solutions to a mathematical problem are often on the boundary of possible solutions. This causes problems in applying mathematics to real world situation as the mathematical model used to describe the situation is often only an approximation. So the mathematical solutions to the model will often be extreme and since the model is only approximate the solution to the model may be far from optimal. 

Think of the case in which the returns of the possible investments are thought to be known with certainty. The optimal solution might be a portfolio of 100% in oil futures. This is fine if the outcomes are actually known with certainty, but is extremely risky if this assumption is incorrect. 

Even when if is only assumed that the joint probability of returns is known, limiting solutions to some efficient frontier will give extreme portfolios that may be far from optimal if the probability model does not fit reality. For example many probability models have thin tails that may lead to underestimating probabilities of large losses. This may, for example, lead to portfolios with too much weight in equities.
So maybe, the best one can do is to use the mathematics as only a guide in selecting portfolios. 

What We Do

We use our downside risk models and statistics to improve the risk and return characteristics of a set of recommended passive portfolios.

Here Are The Steps:

Step 1 Generate the 3 top eOmega Excess funds in each of 13 categories. This is done by using SetSAM to analyze current monthly return data. This process will be examined in detail later. 
Step 2 Generate Passive Portfolios 

The software tool for this step is an Excel spreadsheet called – Construction of SamBench. Here are the details:

Obtain from Smith Barney (or some other source) tactical recommendations for a set of portfolios. Call these the tactical portfolios.

Use Surz Market Weights to apportion the weights of the tactical portfolios among our 16 indexes. We also generate equity index weights based for the US and for foreign based on eOmega Excess. These are called the eOmega weights. We than generate our passive portfolios by using a weighted combination of the tactical portfolios and the eOmega weights. The weights move towards the eOmega as the portfolios aim for a higher DRT™.

The end product is a set of 5 portfolios weights one for each of our DTR’s – 4%, 6%, 8%,10% , and 12%. These are organized in a text file called sambench.txt.

Step 3 Generate DTR portfolios

SetSAM uses an LP model to add managed funds that meet a set of criteria for a manager to come into solution:  The R2 must be .70 or greater,  The Upside potential Ratio must be the highest, the DTR  must be in the top 3
